THE MACHINE
THAT LEARNED
TO DISCRIMINATE

Why Al fails at hiring,
and how we can fix it.
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We thought computers were fair.
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For years, companies believed Artificial Intelligence could remove human bias
from hiring. The goal: a perfect system that only cared about pure talent.




The Experiment
That Backfired

Between 2014 and 2017, tech giant Amazon
built a resume-reading Al to find the best talent.
Instead of finding the best workers, the
machine taught itself to penalize women. -~
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Punishing the Word ‘Women’

The Al didn’t look for coding skills. It looked for aggressive, masculine words.
If a resume mentioned “women’s,” the system automatically downgraded the applicant.
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Why did the machlne
learn to be sexist?

Computers only know what we teach them.
Developers fed the Al ten years of past
resumes from a male-dominated industry.
The machine assumed the past was the
perfect rule for the future.

10 Years of
Male Resumes

Step 3
Rejects Women, |

Hires More Men Step 2

Al Learns:
Male = Success




Hiding the truth
doesn’t work.

Developers tried to make the
Al “gender-blind.” But the
machine found hidden
clues—called “proxies.”

It didn’t need to see gender to
discriminate; it just looked for
female sports or clubs.
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The Anatomy of Bias

Three ways an algorithm breaks.
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History Trap Blind Spots

Learning from an unfair Not having enough data
past. on minorities.

Machine Made

The Al inventing its own
unfair rules.




A Trap for
Job Seekers

-
Today, 99% of top companies give data
use automated hiring.

Applicants are forced to

surrender their private data just

for a chance at a job—only for & -2
the Al to secretly use that data : Secfetw :
to eliminate them without a Instant KE\\mma ed |
human ever looking. Rejection a

)

Job Seeker

Give private
data




Permanent
Exclusion

A single Al rejection leaves a
permanent data trail. If a machine
wrongly scores you poorly once, thati /4§
invisible score can follow you to othe ST 72y
companies and agencies for years. Low




The problem
gets worse
globally.

When Al models built for
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are used worldwide, they A

fail. They penalize brilliant
people simply

because their backgrounds,
speech patterns, or
cultures don’t look like a
Silicon Valley resume.
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‘Trust Us' Is no longer enough.

For years, tech companies wrote their own loose ethical guidelines. As
companies now roll back diversity goals, governments are stepping in.
The era of trusting companies to police their own Al is over.




A New Standard for Tech

We don't let drug companies sell medicine without strict testing.
We need to treat Al the exact same way.
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The Al ‘Clinical Trial’

Phase 1

Lab
Testing

Test the Al in a safe,
closed environment
to catch obvious
biases.

Phase 2

Small
Trials

Limited real-world
use with heavy
human
supervision.

Phase 3

Fairness
Audit

Independent
experts compare
results against
human rights
standards.

Phase 4

Monitoring

Constant tracking
after release, with
payouts for anyone
harmed by Al
mistakes.
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chines?
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We need an independent, global organization to test and approve Al before
itimpacts our lives. Fairness isn’t a coding problem; it’s a human rights issue.



Follow our work on

GlobalSouth.ai
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